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Generative Al is beginning to change how people usually translate text, and nowadays college
students use it daily to finish assignments. The present study compares ChatGPT to Google
Translate in academic settings. In collecting data for this research, we used 161 undergraduate
students who attend at the university where this research was conducted and taking translation
course. Three genres were chosen: religious, media, and literary. Five parameters were used to
measure the outputs including punctuation/diacritics, use of connective words, sentence
structure, overall accuracy and culturally grounded metaphors. Each translation was graded by
subject matter experts and students stated their preference through an official questionnaire.
ChatGPT scored higher than Google Translate on all parameters. The averages for ChatGPT were
4.25 for media texts, 4.28 for religious texts, and 4.15 for literary texts. The averages for Google
Translate were lower at 3.78, 3.42, and 3.59 respectively. Paired-samples t-tests indicated that
these differences were significant (p <.001) with a large effect size (N?= 44 - .72). Student-reported
preferences leaned toward ChatGPT 87% of the time. This was predominantly due to ChatGPT
producing more coherent sentences that maintained the register of the source text, especially
when it came to religious text. Google Translate consistently provided literal translations and
failed to translate the intent of metaphors. We conclude that generative Al has the potential to be
a helpful tool for multilingual accessibility and education if used responsibly and under certain
conditions so that students can gain translation skills. Longitudinal studies about how this
technology will affect education should be explored.

1. Introduction

statistical systems of the past have given way to
neural models, and are now being replaced by large

1.1. Translation, Machine Translation, and
Education

Translation allows us to share information
between languages and cultures. Translation in
educational contexts has added significance, since
learners are often reading texts that were originally
produced in another tongue. Abdurahman Vagifli
(2026) Machine Translation (MT) has been
introduced into the classroom in order to make this
process quicker and cheaper, and has become
ubiquitous in learning environments over the past
decade (Fisek & Fisek, 2025, Nguyen, 2025;
Preciado-Caballero, 2024). The rule-based and
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language models such as ChatGPT (Zayyanu, 2024;
Mohammed et al, 2025). Along with these
developments has come a shift in the nature of
output learners are engaging with: instead of stiff
word-by-word translations, students are getting
longer, less constrained sentences that resemble
natural language writing.

The launch of ChatGPT late in 2022 marked a
new era for translation scholars and professionals.
Research emerged within months assessing
ChatGPT's viability as a replacement or augment for
neural MT engines (Alzain et al., 2024; Mohsen,
2024; Alkhawaja, 2024). The majority of these reports
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were optimisticChatGPT understood idioms and
connectives where GT got it wrong and generated
complete sentences that needed less PE work
(Ghassemiazghandi & Reza, 2024; AlAfnan, 2024).
(AL Qudah, M. A., & Muradkhanli, L.; 2024). On the
other hand, academics highlighted problems:
hallucinations happen, loss of culture-bound terms,
variation in quality of output dependent on prompts
used (Pang et al., 2024; Shormani & Alfahad, 2025).

Translation between Arabic and English
languages have an even wider gap between systems.
Arabic employs diacritics, gender, and religious
register that neural MT struggles with (Alzain et al.,
2024; Alkhawaja, 2024; Algobaei et al., 2025). Testing
done with Quranic text, classical Arabic poetry, and
colloquial Arabic found ChatGPT retained more of
the source tone while Google produced literal
translations that altered the intended meaning
(Dahia, 2024; Farghal & Haider, 2024; Shormani &
Alhammami, 2025). However, ChatGPT still
struggles with consistency in translation: gender
mistakes and misinterpretations of dialect show up
in the same passages (Algobaei et al., 2025; Shormani
& Alhammami, 2025).

Choice between these tools is therefore not only
technical for students; it also raises questions about
their writing process and mindset, confidence, and
willingness to edit self-authored content (Strobl &
Kruse, 2024; Yan, 2024; Derakhshan & Ghiasvand,
2024). Recent scholarship in second-language
education has suggested that treating generative Al
as a "writing buddy" as opposed to a substitute for
the human translator can help alleviate these issues
(Strobl & Kruse, 2024; Godwin-Jones, 2024).
Educators also express concern about over-
dependence and ability erosion, particularly with
first year students (Fraile et al., 2024; Nguyen, 2025).
For these reasons, it can be particularly beneficial to
see ChatGPT and Google Translate compared side
by side with authentic student feedback in an actual
classroom setting.

1.2. Significance of the Study

This research adds to the expanding body of
literature on generative Al in translation classrooms
three perspectives: expert
assessment, preference, effect size
estimation. Previous studies comparing generative
Al applications usually focus on one genre or
translation direction (Gao et al., 2024; Kulkarni &
Kannan, 2025; Adika & Tampubolon, 2025). By
contrast, this study compares three different text
types (religious, media, and literary) within the
same experiment, which better simulates students'

by triangulating

user and
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coursework. Moreover, we leave both tools in their
default settings so that our comparison mimics how
the average undergraduate might deploy them.

A second contribution is the consideration of
Arabic. Most high-cited comparative works focus on
Chinese, Spanish, or French (Gao et al., 2024; Pang et
al., 2024; Chen et al., 2025). Arabic continues to be
vastly under-represented in MT evaluation, despite
being one of the top 10 languages spoken worldwide
(Alzain et al., 2024; Mohammed et al., 2025;
Alkhawaja, 2024). By centering Arabic in a higher-
education context, this study provides data to a part
of the world where decisions about generative Al
tools are happening currently.

1.3. Research questions

The study addresses three research questions:

1. How does the translation accuracy of
ChatGPT compare with Google Translate across
religious, media, and literary genres?

2. Which of the two tools do undergraduate
translation students prefer, and on what grounds?

3. Are the observed differences statistically
significant, and how large are the effect sizes?

2. Related works

2.1. From Neural MT to Generative MT

The bulk of MT-related research on 20222026 has
focused on a single question: do large language
models outperform neural MT in actual translation
tasks? However, in most cases the data says "yes, but."
In a large scale comparison study, Gao et al. (2024)
found that ChatGPT significantly outperforms both
Google Translate and DeepL when translating
Chinese classical poetry along fidelity, fluency, and
style axes, especially when explicitly asked to take the
rhythm of the verse into consideration. Chen & Lin
(2025) find similar conclusions for tourism-related
texts. Mohsen (2024) finds that ChatGPT outperforms
both systems when translating academic abstracts,
and Alzain et al. (2024) reach the same conclusion
when assessing translations of scientific articles. Pang
et al. (2024) warn that both systems have trouble with
classical texts and texts laden with cultural references
where human post-editing is rarely optional.

2.2. ChatGPT and Google
Arabic-English Studies

translate in

Studies are also beginning to emerge for Arabic
< English directionality. Upon analyzing
ChatGPT-3's performance on Arabic-English
literary excerpts, Alkhawaja (2024) reports its
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superiority to Google Translate was glaringly clear
in its connective usage and word order. By using
scientific Arabic texts, Alzain et al. (2024) were able
to come to the same conclusion. However, they did
note ChatGPT inserted information that was not
present in the source text. Ghassemiazghandi and
Reza (2024) used BLEU scores to arrive at a similar
ChatGPT had significantly more
matches with the reference translations when
compared to Google Translate. Lastly, in media
translation, Kadhim (2024) showed Al translation
tools were capable of producing translations of

conclusion.

BBC Arabic articles that scored higher on discourse
cohesion than Google Translate. Overall, these
articles establish a clear narrative: ChatGPT
outperforms Google Translate for Arabic <
English translation. But, it is far from perfect and
should be wused with human surveillance
(Alkhawaja, 2024; Alzain et al.,, 2024; Kadhim,
2024).

2.3.1diomatic, Cultural, and Domain-Specific
Translation

Idioms and culture bound terms are still what
poses the greatest challenge to understanding for
any MT system. When studying Arabic idioms
translated into English, Elajail (2025) found that
ChatGPT kept the figurative meaning more often
than Google Translate, however when ChatGPT
and Google Translate were tasked to translate rare
idioms both chatbots performed poorly. Ramiz
shikhaliyev (2026). Megdadi and Haider (2024)
reached a similar conclusion to their study on
Arabic food idioms translated into English where
Google Translate "produce literal
translation[s] that lost the cultural reference behind

would

these expressions” (p. 4). Shah (2025) expanded on
previous research by including English-Urdu
idioms as well and results showed ChatGPT
outperformed Google Translate when it came to
creativity and flow. Studies that were done outside
of Arabic have shown Google Translate to have
limitations as well: When translating tourism texts,
Adika and Tampubolon (2025) found there to be
"cultural loss" when using Google Translate, but
ChatGPT was able to retain more cultural cues.
These studies help us understand how student
texts may lose meaning when translated by a
neural MT system because many times students
use figurative language that cannot be translated
literally by Al (Elajail, 2025; Megdadi & Haider,
2024; Adika & Tampubolon, 2025).
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2.4. Religious and literary translation

Genres like religion and literature don't just need
accuracy, they need stylistic appropriateness with
regard to tone, register, and intertextuality as well.
Dahia (2024) examined ChatGPT's performance on
religious translations of Quranic verses written in
English. ChatGPT was reported to retain the
spiritual register better than Google Translate, but
still incorrectly translate classical morphology too.
Gaanoun and Wahbi (2025) arrived at similar
results: ChatGPT better retains the sentimentality of
Quranic verses than NMT approaches. Shormani
and Alfahad (2025) also tested ChatGPT on
academic religious translation. They found that
ChatGPT was powerful enough to start being used
as a scholarly editing tool. When it came to literary
translation, Abdelhalim (2025) and Al Rousan (2025)
tested ChatGPT's translations against human
translators and found that ChatGPT was capable of
matching human quality on prose translations but
not poems, where ChatGPT struggled with rhythm.
Farghal and Haider (2024) and Alwagieh (2024)
reached similar results when testing ChatGPT on
classical Arabic poetry and free poetry respectively:
ChatGPT translations are of higher quality than
Google Translate but lower than that of a human.
Kulkarni and Kannan (2025) found ChatGPT to
follow this same pattern with regard to Sanskrit
religious texts.

2.5. ChatGPT vs Google Translate: Results
from other language pairs

ChatGPT beats Google Translate not only for
Arabic. Syafiee and Asrul (2025) evaluated the two
tools with the help of Borneo Bulletin news articles
and observed ChatGPT's superiority for fluency
and grammar. Chen and Lin (2025) conducted a
multidimensional comparison of ChatGPT, Google
Translate, Chinese-English
translations of tourism-related texts. ChatGPT
ranked first overall in their study. Pastor and
Defrancq (2024) compared human translators to

and DeepL for

neural machine translation systems with respect to
creativity in literary texts and found that despite
NMT systems' obvious improvements, their
outputs are still less creative than those produced
by humans. However, the gap is closing with
advanced systems such as LLMs. Zayyanu (2024)
and AlAfnan (2024) described the underlying
architectures and detail why Transformer-based
generative models than
previous generation NMT engines, especially when
it comes to long-range dependencies.

perform differently
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2.6. Generative Al in Translation Pedagogy

Research into ChatGPT use in the language
classroom is developing rapidly. ChatGPT was
characterised as a "writing buddy" tool for
advanced L2 writers by Strobl and Kruse (2024),
who also found students improved their revision
behaviour when using the tool with explicit
instruction. Yan (2024) observed increased
engagement with revision
providing L2 writers with automated feedback via

activities when
ChatGPT in comparison to human-generated
feedback. Derakhshan and Ghiasvand (2024)
surveyed EFL teachers about their thoughts on
using ChatGPT with learners. They found teachers
were mostly positive about ChatGPT but had
reservations about plagiarism and learner reliance
on the tool. Fraile et al. (2024) investigated
ChatGPT use in translation activities by teacher
trainees working in higher education contexts.
They reported high acceptability of ChatGPT for
translation tasks. Nguyen (2025) observed similar
trends of acceptance of ChatGPT use among
translation students in their case study of Al
Godwin-Jones (2024)
summed up the research landscape as "distributed
agency', wherein both learner and AI are
responsible for aspects of the final text. These
works indicate generative Al is already present

training for translators.

within the translation classroom, and that the
question is no longer if we should be using it, but
how we can best use it (Strobl & Kruse, 2024; Fraile
et al.,, 2024; Godwin-Jones, 2024; Derakhshan &
Ghiasvand, 2024).

2.7. Gaps and position of the present study

Relative to the body of work since 2022,
however, three gaps remain: First, almost no
studies to date combine expert rating and student
preference within the same design (Alkhawaja,
2024; Mohsen, 2024). Second, comparative work
across more than one genre remains rare in Arabic-
English, with studies typically examining a single
isolated domain such as Quranic (Dahia, 2024),
literary (Farghal & Haider, 2024), or media texts
(Kadhim, 2024). Third, few studies report effect-
sizes, making it difficult to assess the practical
significance of reported differences. The current
study combines three text genres, two groups of
evaluators, and full effect-size reporting in one
design.
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3. Methodology
3.1. Research design

A quantitative comparative design was used for
the study. The purpose was to experimentally
measure the relative quality of ChatGPT vs Google
Translate as translation aids for university
students. Five evaluation parameters were used to
judge outputs:
connective words, sentence structure,
accuracy, cultural
metaphors. Student preference was included as a

sixth dimension to assess experience.

punctuation and diacritics,
overall
and expressions ~ within

3.2. Text selection and translation process

Three Arabic texts were chosen; one religious,
one from media, and one literary. These texts were
pulled from already authenticated sources and
have been published. Both tools translated these
texts to English using their default settings with
zero prompt engineering on the ChatGPT front.
This was done because most students will use these
tools as is.

3.3. Participants

Two groups participated in the evaluation:

1. Professional judges - Three translation
scholars/literature experts judged translations on
accuracy, fluency and contextual meaning.

2. College students - 161 students enrolled at the
university in the translator training program
judged translations and provided preference data.
Students were drawn from various university
colleges.

3.4. Instruments

The following platforms and tools were used:

* Moodle was utilized to assign translation
tasks and gather participant responses.

* Zoom was utilized to present instructions and
briefing participants.

® ChatGPT and Google Translate were both
tools used for translation throughout the study.

® SPSS and Microsoft Power BI were utilized to
analyze and visualize data.

3.5. Data collection and evaluation

Data collection took place in two phases. During
the first phase, expert raters evaluated translations on
a Likert scale for each of the five parameters
mentioned above. The second phase consisted of
students filling out a structured questionnaire that
gathered ratings and preferences for the three genres.
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3.6. Data Analysis

Descriptive statistics (means and standard
deviations)
performance. Paired-Samples t-tests and Chi-

were used to summarize tool
square tests were used to conduct inferential

analyses (mean and frequency comparisons
respectively). Cohen's (1988) eta-squared (n?) was

used to report effect sizes.

4. Results

4.1. Expert evaluation of translations

The expert panel gave ChatGPT better scores
than Google Translate across all five metrics. For
punctuation and diacritics, ChatGPT used the
appropriate marks correctly over 90% of the time
compared to roughly 75% of the time with Google
Translate. ChatGPT offered more complete and
grammatically correct sentences with context as
opposed to fragments and literal translations by
Google Translate. ChatGPT fluently translated
metaphors culture-bound terms

and more

effectively than Google Translate.
4.2. Student feedback and satisfaction

Of the 161 students, they were asked to self-
report satisfaction with outputs produced by both

160 -
140
140
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100 -

B =1} w
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L L

Number of students (n = 161)

N
=]
L
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tools. Roughly 87% preferred ChatGPT over
Google Translate. Justifications for preferring
ChatGPT sentences flowing better,
contexts being maintained, and readability. The
Chi-square analysis revealed students were
significantly satisfied with outputs from one of the
tools (p<.05). Qualitative open comments regarding
ChatGPT were that it was "more human-like" and
better suited for university study. Students also
appreciated ChatGPT's capacity to allow users to
ask for further explanation or rephrasing of
translations, which GT does not offer all the data

included

analysis Results see in Appendices.

4.3. Comparative Performance Across Text
Genres

Students had to rate translations across three
genres of text: media, religious, and literary. Table
1 displays that students favored ChatGPT over
Google Translate across all three text genres.
ChatGPT had 140 students picking it while Google
Translate had 21 students selecting it for media
texts. For religious texts ChatGPT had 147 votes
compared to Google Translate's 14. For literary
texts, ChatGPT had 139 votes while Google
Translate had 22 votes. Fig 1 displays this data
visually.

Emm ChatGPT
!,'gGoogle Translate

Literary

Fig.1. Number of Students Preferring ChatGPT versus
Google Translate Across Three Text Genres (Media, Religious, Literary).

4.4. Statistical Analysis of Results
Paired Samples t-Test Results

Paired-samples t-tests compared the mean scores
of ChatGPT and Google Translate for the five
evaluation parameters. shows statistically at Fig 2.
significant differences for all five parameters, with
ChatGPT having the higher scores.
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ChatGPT's mean score for punctuation and

diacritics was 4.41 (SD=1.46), while Google
Translate had 3.83 (SD=1.91); t(212)=11.962,
p=0.001. ChatGPT scored 4.36 (SD=1.51) on

connective words, while Google Translate scored
3.85 (SD=1.87); t(212)=12.360, p=0.001. For sentence
structure, ChatGPT scored 4.21 (SD=1.62) and
Google Translate 3.43 (SD = 1.94); t(212)=15.441,
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p=0.001. General accuracy yielded t(212)=16.273,
p=0.001, and metaphors and cultural expressions

yielded t(212)=11.203, p=0.001.

As you see in Table 2 Paired-Samples t-Test

Results: Mean Scores and Statistical Significance
5 -

4.41 4.36

Mean rating (1-5 Likert)

Connective
devices

Punctuation

Between ChatGPT and Google Translate Across
Five Evaluation Dimensions (N=161)

Note. score=15. M=Mean;
SD=Standard Deviation. ** Statistically significant
at p<0.01.

Maximum

Sentence
structure

Accuracy Metaphors

Fig.2. Mean Scores for Each Evaluation Dimension Between ChatGPT and Google Translate.

Effectiveness in
language

handling domain-specific

Paired-samples t-tests and effect-size analysis
were also used to test differences in domain-
specific translation. As shown in Table 3 and Fig 3,
ChatGPT scored higher than Google Translate in all
text categories. For media texts, ChatGPT had a
mean of 4.25 and Google Translate had 3.78;
t=11.208, n>=0.44. For religious texts, ChatGPT had
4.28 and Google Translate had 3.42; t(29)=16.845, n?
=0.64. For literary texts, ChatGPT had 4.15 and

4.25 4.28

Mean rating (1-5 Likert)

Media

Religious

Google Translate had 3.59; t=13.191, 11>=0.52.
Combined across genres, ChatGPT had 4.23 and
Google Translate had 3.60, with t=20.377 and
n>=0.72. The largest effect was observed for
religious texts.

Effectiveness of ChatGPT vs. Google Translate
in Handling Media, Religious, and Literary Texts
(Paired-Samples t-Test with Effect Size, N=161)

Note. M = Mean; SD = Standard Deviation;
n?=Eta-squared. Effect size benchmarks: n?=0.01
low, 0.06 medium, 0.14 high (Cohen, 1988). **
Statistically significant at p<0.01.

4.15 4.23

Literary Overall

Fig.3. Comparison of average translation scores between ChatGPT and
Google Translate across text categories.
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Summary of findings

ChatGPT obtained higher scores than Google
Translate across all three text genres and all five
These differences were
statistically significant, and effect sizes were

evaluation criteria.

moderate to very large. Students overwhelmingly

favored ChatGPT and described the tool’s output
as sounding more natural, accurate to the context,
and useful for university-related work. Google
Translate maintained its lead in one area: retaining
the fewest weaknesses in religious and literary
genres, where ChatGPT’s advantage had a strong
effect size.

Table 1:- Student Preferences for Translation Naturalness Across Text Genres (Chi-Square Test, N =161)

Note. * Statistically significant at p <0.05.

Text Categories | Translation Type | Observed Frequency | Expected Frequency | Residual | x2 Value | df | Sig.
Media text ChatGPT 140 80.5 59.5 87.957 1 | 0.001*
Media text Google Translate 21 80.5 -59.5 87957 | 1 | 0.001*
Media text Total 161 — — 87.957 1 | 0.001*

Religious text ChatGPT 147 80.5 66.5 109.870 | 1 | 0.001*
Religious text Google Translate 14 80.5 -66.5 109.870 | 1 | 0.001*
Religious text Total 161 — — 109.870 | 1 | 0.001*
Literary text ChatGPT 139 80.5 58.5 85.025 1 | 0.001*
Literary text Google Translate 22 80.5 -58.5 85.025 1 | 0.001*
Literary text Total 161 — — 85.025 1 | 0.001*

Table 2: - Paired-Samples t-Test Results: Mean Scores and Statistical Significance Between ChatGPT and
Google Translate Across Five Evaluation Dimensions (N = 161)
Note. Maximum score = 15. M = Mean; SD = Standard Deviation. ** Statistically significant at p <0.01.

Dimension Translation Type M SD Mean Diff. t df Sig.

Punctuation & Diacritics ChatGPT 4.41 1.46 1.72 11.962 160 0.001**
Google Translate 3.83 1.91

Use of Connective Words ChatGPT 4.36 1.51 1.52 12.360 160 0.001**
Google Translate 3.85 1.87

Sentence Structure ChatGPT 421 1.62 2.33 15.441 160 0.001**
Google Translate 3.43 1.94

General Accuracy ChatGPT 3.96 1.86 2.28 16.273 | 160 0.001**
Google Translate 3.20 2.07

Metaphors & Cultural Expressions ChatGPT 4.18 1.97 1.61 11203 | 160 0.001**
Google Translate 3.64 2.48
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Table 3 :- Effectiveness of ChatGPT vs. Google Translate in Handling Media, Religious, and Literary Texts

(Paired-Samples t-Test with Effect Size, N = 161)

Note. M =Mean; SD = Standard Deviation; n? = Eta-squared. Effect size benchmarks: n2=0.01 low, 0.06 medium,
0.14 high (Cohen, 1988). ** Statistically significant at p < 0.01.

Text Category Translation Type M SD Mean Diff. t df Sig. n?

Media text ChatGPT 4.25 2.22 2.34 11.208 160 0.001** 0.44
Google Translate 3.78 2.76

Religious text ChatGPT 4.28 2.64 4.31 16.845 160 0.001** 0.64
Google Translate 3.42 3.32

Literary text ChatGPT 4.15 2.48 2.82 13.191 160 0.001** 0.52
Google Translate 3.59 3.08

Overall ChatGPT 4.23 5.87 9.45 20.377 160 0.001** 0.72
Google Translate 3.60 7.57

5. Discussion
5.1 Interpreting the findings

These results comport with the broader empirical
picture we see for the 20222026 era: generative Al
tends to surpass neural MT on "richer" texts (Gao et
al., 2024; Mohsen, 2024; Chen & Lin, 2025). ChatGPT's
superiority was most pronounced for religious texts,
which had an effect size of )2 = 0.64. This supports the
findings of Dahia (2024) and Gaanoun and Wahbi
(2025), who also found that ChatGPT better retains
the religious register than Google Translate. The large
effect size we observed for literary genre is consistent
with the findings of Farghal and Haider (2024), Al
Rousan (2025), and Abdelhalim (2025), who all
argued that ChatGPT narrows the gap with human
translators when it comes to literary prose. Media had
the smallest effect size but still favored ChatGPT,
which is consistent with Kadhim's (2024) analysis of
BBC Arabic articles.

The student preference data closely aligns with
recent acceptance studies conducted within higher
education settings. Fraile et al. (2024) found ChatGPT
to be highly accepted among teacher trainees in
Spain. Nguyen (2025) demonstrated high levels of
acceptance in their ChatGPT case study with
translation students. Yan (2024) and Strobl and Kruse
(2024) both showed L2 writers respond positively to
ChatGPT when they framed the tool as a writing
buddy. The written qualitative comments present in
this study follow this same trend: students appreciate
the "natural" nature of the output and ability to ask
the system to rephrase.
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5.2 Limitations of Google translate

Google Translate operates under sentence-by-
sentence logic, ignoring cohesive and coherence-
building elements of the surrounding discourse
(Alzain et al., 2024; AlAfnan, 2024). This manifests
most visibly in metaphors and culture-specific
items, where literal translations predominate.
Megdadi and Haider (2024) reported the same
findings for Arabic food idioms, and Adika and
Tampubolon (2025) for tourism discourse. When
translating religious and literary texts, this limitation
becomes detrimental, since style and intertextual
associations convey much of the intended message
(Dahia, 2024; Farghal & Haider, 2024). Despite recent
improvements, Google Translate continues to spit
out fragments and literal substitutions when faced
with figurative language.

5.3 Pedagogical implications

This overwhelming preference for ChatGPT begs
pedagogical questions. Generative Al systems are
part of students’ learning environment whether we
like it or not, and banning them is neither possible
nor desirable (Strobl & Kruse, 2024; Godwin-Jones,
2024; Derakhshan & Ghiasvand, 2024). Instead,
teachers can use them to illustrate how to revise and
post-edit machine translation output as well as train
students into developing critical reading skills (Fisek
& Fisek, 2025; Nguyen, 2025; Preciado-Caballero,
2024). Asking students to judge which errors
ChatGPT made and how to fix them when
comparing its output with that of Google Translate
trains the critical judgement that students lack when
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using the tool mindlessly. The classroom can also be
the setting for meta-learning lessons about the
ethical and pedagogical dangers of relying too much
on these tools, especially for novice students (Fraile
et al., 2024; Derakhshan & Ghiasvand, 2024).

5.4 Limitations of the study

Limitations: First, the study employed default
settings for both tools without exploring the impact
of prompt engineering on ChatGPT. Research
altering the prompt (Gao et al., 2024; Shormani &

Alfahad, 2025) indicates improved outputs,
suggesting our findings may underestimate
ChatGPT's performance. Second, the sample

originates from a single institution, which may not
represent other contexts Finally, the emphasis on
Arabic-English could limit crosslinguistic claims.
Further research with various language pairs could
strengthen findings (Chen & Lin, 2025; Pang et al.,
2024; Pastor & Defrancq, 2024).

5.5 Directions for future research

Future work may include testing ChatGPT
prompt engineering performance with Arabic-
English text, increasing sample sizes and testing at
multiple universities to replicate, and gathering
longitudinal data to measure long-term skill
development. Cross-platform research  with
ChatGPT, Gemini, DeepSeek, and more LLM's as
they become available would be advantageous
(Algobaei et al., 2025; Shormani & Alhammami,
2025; Farghal & Haider, 2024). Research should also
focus on Arabic dialects, Quranic translation, and
low-resource languages (Dahia, 2024; Gaanoun &
Wahbi, 2025).

6. Conclusion and recommendations
Conclusion

ChatGPT and Google Translate were tested as
translation aids in higher education across three
genres and 161 undergraduate students. ChatGPT
significantly outperformed Google Translate across
all parameters and genres, achieving large effect
enjoying student
preference. Largest gains were observed for
religious and literary texts, genres in which Google
Translate is known to struggle with conveying
cultural and figurative meaning. Results encourage

sizes and overwhelming

instructors to consider generative Al as part of
translation pedagogy, while highlighting the need
for scaffolding and critical discussion on the
limitations of these tools.
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Recommendations.

Language schools/universities should treat
ChatGPT like training wheels. Educators should
use it as a supplement to translation assignments,
not a replacement for translation skills

2. Teachers should create assignments that
contrast ChatGPT and Google Translate. This will
help students gain skills in how to properly assess
machine translation.

3. Further studies should experiment on the
effects of prompt engineering and utilizing more
than one Al system. Longitudinal studies are also
needed to determine lasting effects on students'
translation skills.

4. Academic institutions across the Arab world
should consider allocating funding towards
workshops that educate students on ethical issues
regarding generative Al, plagiarism concerns, and
culture-sensitive translation.
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